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Abstract: This paper proposes a method of building a polarity dictionary using news articles and stock

prices in the Chinese market by textual analysis in finance. In order to measure the degree of polarity, we

associated the news articles’ sparse composite document vectors to a score. The score is calculated by the

method of event study with the abnormal change rate of stock prices on the publication date. We

conducted support vector regression (SVR) and built a polarity dictionary with polarity data from learners.

Furthermore, we made a comparison on accuracy to traditional ways of calculating word polarity in
which news articles are represented by a one-hot wordlist. The comparison of the existed polarity is made.
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(By Rwordseg+Ansj) Delete stopwords

Calculate TF-IDF of each word.
List the top 10000 words as key words.

Carry out the same process for all the news in 2014.
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Loughran McDonald Sentiment Word Lists

Bag-of-Word Positive words Negative words
353 374
Detected 62 49
Positive 29 25
Negative 33 24

Detected Rate: 15.27% Accuracy: 47.75%
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SCDV Positive  words Negative words
353 374
Detected 206 216
Positive 171 173
Negative 35 43

Detected Rate: 58.05% Accuracy: 50.71%
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