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Analysis of the reaction of the Japanese stock market by
the tendency of past news transmission and news sentiments
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Abstract: In this research, we studied the relationship between news sentiment polarities (positive,
negative, neutral) and volume using news data and high-frequency data for the Japanese stock market. For
the classification of news sentiment, the FinBERT model, which is a machine-learning method proposed
for analysis in the field of finance, was used. The tendency of past news transmission was taken into
consideration, and the reaction of the volume to the sentiment of each alert news was evaluated. As a
result of the analysis, it was found that the trading volume tends to increase when the sentiment polarities
(positive, negative, neutral) of past news in the same company are mixed. These are consistent with the
previous studies using daily data and are interesting consequences that contribute to the clarification of

the price change mechanism in the stock market.
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